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Abstract
User interactive systems have attracted a lot of research interest 
in recent years, especially for content-based image retrieval 
systems. Contrary to the early systems, which focused on fully 
automatic strategies, recent approaches have introduced 
human-computer interaction , Assuming that a user is looking 
for a set of images with similar feature using the query concept  
within a database . Proposed system focus on the retrieval of 
images within a huge image collection based on  customized 
IRM and color  histogram technologies. this technique obtained 
fast and efficient results comparatively previous methods. the 
aim is to build a fast and efficient strategy to retrieve the query 
Concept. 
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I. Introduction 
The term content based image retrieval (CBIR) [1] also known 
as query by image content (QBIC) [4] and content-based  
information retrieval (CBVIR) [13] is the application of computer 
vision techniques to the image retrieval problemseems to have 
originated in 1992, when it was used by T. Kato to describe 
experiments into automatic retrieval of images from a large 
collection database, based on the colors, shapes present 
and image features [1]. The techniques, tools and algorithms 
that are used originate from fields such as statistics, pattern 
recognition [4-5], signal processing, and computer vision. 
There is a growing interest in CBIR because of the limitations 
inherent in metadata-based systems, as well as the large 
range of possible uses for efficient image retrieval. Textual 
information [7, 31] about images can be easily searched using 
existing technology, but requires humans to personally describe 
every image in the database. This is impractical for very large 
databases, or for images that are generated automatically, 
e.g. from surveillance cameras [33]. It is also possible to miss 
images that use different synonyms in their descriptions. 
Systems based on categorizing images in semantic [2, 9] 
classes like “cat” as a subclass of “animal” avoid this problem 
but still face the same scaling issues.
Content-Based Image Retrieval (CBIR) According to the user-
supplied bottom characteristics, directly find out images 
containing specific content from the image library The basic 
process: First of all, do appropriate pre-processing of images, 
and then extract image characteristics needed from the 
image according to the contents of images to keep in the 
database. When we retrieve to identify the image, extract the 
corresponding features [6-7] from a known image  and then 
retrieve the image database to identify the images which are 
similar with it, also we can give some of the characteristics 
based on a queried requirement , then retrieve out the required 
images based on the given Eigen values. In the whole retrieval 

process, feature extraction is crucial; it is closely related to all 
aspects of the future, such as color, shape, texture and space, 
in recent years. 

A. Color
computing distance measures [15-16] based on color similarity 
is achieved by computing a color histogram for each image 
that identifies the proportion of pixels within an image holding 
specific values. Current research is attempting to segment 
color proportion by region and by spatial relationship among 
several color regions. Examining images based on the colors 
they contain is one of the most widely used techniques because 
it does not depend on image size or orientation. Color searches 
will usually involve comparing color histograms. 

 B. Texture

Fig: 1

Texture measures look for visual patterns [5] in images and 
how they are spatially defined. Textures are represented by 
texels which are then placed into a number of sets, depending 
on how many textures are detected in the image. These sets 
not only define the texture, but also where in the image the 
texture is located.

C. Shape

Fig. 2:

shape does not refer to the shape of an image but to the shape 
of a particular region [17] that is being sought out. Shapes 
will often be determined first applying segmentation or edge 
detection to an image. Other methods like  use shape filters to 
identify given shapes of an image. In some case accurate shape 
detection will require human intervention because methods 
like segmentation [17, 23] are very difficult to completely 
automate.
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D. Applications of CBIR
Art collections  • 
Jab recruitments • 
Photograph archives• 
Reservation system• 
Retail catalogs• 
Medical diagnosis• 
Crime prevention• 
The military• 
Intellectual property• 
Architectural and engineering design• 
Geographical information and remote sensing systems • 

II. Problem Description
An image retrieval system is a computer system for browsing, 
searching and retrieving images from a large database of 
digital images [34]. Most traditional and common methods 
of image retrieval utilize some method of adding metadata 
such as captioning, keywords, or descriptions to the images 
so that retrieval can be performed over the annotation words. 
Manual image annotation is time-consuming, laborious and 
expensive. To address this, there has been a large amount of 
research done on automatic image annotation. Additionally, the 
increase in social web applications and the semantic web[9] 
have inspired the development of several web-based image 
annotation tools.Content-based means that the search will 
analyze the actual contents of the image. The term ‘content’ 
in this context might refer to colors, shapes, textures, or any 
other information that can be derived from the image itself. 
Without the ability to examine image content, searches must 
rely on metadata such as captions or keywords, which maybe 
laborious or expensive to produce.

 
Fig. 3:

III. Proposed System
Proposed system uses modified IRM (Integrated Region • 
Matching) [6, 25] and color feature which overcomes the 
problem description.
Proposed system implemented features like color • 
histogram, symmetry features [29] etc.
 Proposed work provides an interface where user can give • 
query images as input, which uses the 
visual contents of an image such as color, shape, texture • 
and spatial layout to represent the image compared with 

the images in database. 

A. System Architecture 

Fig. 4: Image Retrieval System Architecture

In fig. 4, it is showing about image similarity measurements 
and flow of the system. 

IV. Related work
Image retrieval  implemented in following steps

A. RGB Projections
The RGB color model is an additive color model in which red, 
green, and blue light are added together in various ways to 
reproduce a broad array of colors. The name of the model 
comes from the initials of the three additive primary colors, 
red, green, and blue. Main purpose of the RGB color model 
is for the sensing, representation, and display of images in 
electronic systems. An image histogram is a type of histogram 
that acts as a graphical representation of the tonal distribution 
in a digital image. It plots the number of pixels for each tonal 
value. By looking at the histogram [3] for a specific image a 
viewer will be able to judge the entire tonal distribution at a 
glance. RGB Projections is used to find the size of the image 
vertically and horizontally.  

B. Image Service
Whenever minimizing the error of classification is interesting 
for CBIR, this criterion does not completely reflect the user 
satisfaction. Other image service criteria closer to this, such 
as precision, should provide more efficient selections.

C. Comparable Image
Reselection technique used to speed up the selection process, 
which leads to a  learning process. All these components are 
integrated in  retrieval system,  the user gives new labels for 
images and they are compared to the current classification. 
If the user mostly gives relevant labels, the system should 
propose new images for labeling around a higher rank to get 
more irrelevant labels.

D. Similarity Measure
The results in terms of mean average precision according to 
the training set huge image databases. classification-based 
methods [10] gives the best results, showing the power of 
statistical methods over geometrical approaches.
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E. Integrated Region Matching 
This method  computes histograms of every image in the 
database and takes one input image to search from the  
database. It gives feasible solution consisting finite number 
of  images (like ‘IM’) having minimum IRM distance [25].Then 
by taking minimum IRM distance image (Say‘N’, where N  IM) 
as input and remaining images in  the feasible solution set as 
a database of images applies region matching technique using 
color. Hence, it computes single image having minimum IRM 
distance with  ‘N’. after finding  the minimum distances related 
image is deciding as a similar to the query image. 

F. Performance Measures

1. Precision
Precision [14] is the fraction of the images retrieved that are 
relevant to the user’s information need.

Recall is the fraction of the images that are relevant to the 
query that are successfully retrieved.

2. Mean Average Precision 
Mean average precision for a set of queries is the mean of the 
average precision scores for each query.

where Q is the number of queries.

V. Result Analysis
Finally, the image will take the relevant image what the user 
search. One can see that we have selected concepts of 
different levels of complexities. The performances go from few 
percentages of Mean average precision to 89%. The concepts 
that are the most difficult to retrieve are very small and/or have 
a much diversified visual content. The method which aims at 
minimizing the error of generalization is the less efficient active 
learning method. The most efficient method is the precision- 
oriented method.

A. Graph
To determine relationships between the two Images. The 
precision and recall values are measured by simulating retrieval 
scenario. For each simulation, an image category is randomly 
chosen. Next, 300 images are selected using active learning 
and labeled according to the chosen category. These labeled 
images are used to train a classifier, which returns a ranking 
of the database. The average precision is then computed using 
the ranking. These simulations are repeated 1000 times, and 
all values are averaged to get the Mean average precision. 
Next, we repeat ten times these simulations to get the mean 
and the standard deviation of the map .

B. Experimental Results
The image will take the relevant image what the user search. 
one can see that we have selected concepts of different levels 
of complexities. The performances go from few percentages 
of Mean average precision to 89%. The concepts that are the 
most difficult to retrieve are very small and/or have a very 
diversified visual content.

Fig. 5: Retrieved Images With Graphs
      
The above fig. 5, is a screenshot which appears when we click 
on search button. It is not only shows the selected image with 
the retrieved image from the specified folder but also shows 
the percentage of matching as well as the histogram graph is 
display in the screen.

Fig. 6: Similarity Comparison
   
The above fig. 6, is a screenshot which appears when we click 
on other images after the system retrieves the images from the 
specified folder. It is not only shows the selected image with 
the retrieved image from the specified folder but also shows 
the percentage of matching as well as the graph depicting 
the match.

VI. Future Enhancement
As found in the literature, most Internet-based prototype Content-
Based Image Retrieval (CBIR) systems focus on stock photo 
collections and do not address challenges of large specialized 
image collections and topics such as semantic information 



IJCST Vol. 2, ISSue 4, oCT. - DeC. 2011 ISSN : 0976-8491 (Online)  |  ISSN : 2229-4333(Print)

w w w . i j c s t . c o m 388  InternatIonal Journal of Computer SCIenCe & teChnology

retrieval by image content.
As a next step design and developed an Internet-based 
semantic tool and a CBIR retrieval tool that can remotely 
connect to database. The retrieval tool supports hybrid text 
and image queries and also provides partial shape annotation 
for pathology -specific querying [19]. 

VII. Conclusion
This is fast and efficient method which is used to retrieve the 
images from the huge data base .in this work we compared 
all images and retrieved similarities percentage ranging from 
ranging from  maximum to minimum like 100% to 0%.Even 
though This research area is growing very rapidly Current 
systems are still in prototype stage and lack of reliability Current 
techniques are based on low level features and there is a huge 
semantic gap existing. Coming days more research work is 
needed with a reliable and semantically competent system.
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