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Abstract
Ontology mapping seeks to find semantic correspondences 
between similar elements of different ontologies. The web have 
paved way to information sources belonging to same domain to be 
distributed that are structurally (to some extent) and semantically 
heterogeneous with the invert of internet. In order to achieve 
semantic interoperability within these information sources, this 
exists at various levels such as at data, operating system or due 
to hardware heterogeneity. Previously we use a non-instance 
learning-based approach that transforms the ontology mapping 
problem to a binary classification problem and utilizes machine 
learning techniques as a solution as same as other machine learning 
based approaches. To evaluate the binary classification problem, 
two experiments (i.e., within-task vs. cross-task) are implemented 
and the SVM algorithm is applied. As our survey describes the 
flexible optimization, Ant Colony Optimization, by the Ant 
Quest Algorithm. As we use the bee association for the finding 
the direction simulation for the Ant Quest Algorithm. Scientific 
literature is prolific both on exact and on heuristic solution methods 
developed to solve optimization problems. Heuristic methods, do 
not guarantee to determine a global optimal solution for a problem 
but are usually able to find a good solution rapidly, perhaps a local 
optimum, and require less computational resources. Heuristic 
methods, do not guarantee to determine a global optimal solution 
for a problem but are usually able to find a good solution rapidly, 
perhaps a local optimum, and require less computational resources. 
Ant Quest Algorithm Depend on Ant Province Optimization using 
Ant association. Ant Province optimization direction-finding 
algorithm abide in the successive acquire of direction-finding 
information during path inspect and detection by little organizing 
containers, the ants. As our research survey says that the Ant 
colony optimization shows the behavior of the optimization and 
the finding of the artificial ant and minimal cost path.
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I. Introduction
The World Wide Web (WWW) is widely used as a universal 
medium for information exchange. The idea behind ant algorithms 
is to adapt and use their communication style which has been 
proven to be so good in nature, rather than truly mimic the 
behavior of real ants. The first ant colony optimization (ACO) 
called ant system was inspired through studying of the behavior 
of ants in 1991 by Macro Dorigo and co-workers. An ant colony 
is highly organized, in which one interacting with others through 
pheromone in perfect harmony. The optimization problems can 
be solved through simulating ant’s behaviors. 
In optimization algorithm, it is well known that when local 
optimum solution is searched out or ants arrive at stagnating state. 
The field of ‘‘ant algorithms’’ studies models derived from the 
observation of real ants’ behavior, and uses these models as a source 
of inspiration for the design of novel algorithms for the solution of 
optimization and distributed control problems. Main idea is that 
the self-organizing principles which allow the highly coordinated 
behavior of real ants can be exploited to coordinate populations of 

artificial agents that collaborate to solve computational problems. 
Artificial ants can then be seen and described as communicating 
agents sharing some characteristics of the real ants; however, it 
is also incorporating other characteristics for which there is no 
parallel in nature. A real foraging ant spends all its life travelling 
between its nest and some food source. 
First the problem was solved by the Ant Algorithm i.e. Ant 
System (AS). The very good results that were being achieved 
with ant algorithms pointed to the broadening of the definition 
of path therefore allowing for the use of this method to solve 
other problems. Biologists have shown that many colony-level 
behaviors observed in social insects can be explained via rather 
simple models in which only stigmergic communication is present. 
The idea behind ant algorithms is then to use a form of artificial 
stigmergy to coordinate societies of artificial agents.
The visual perceptive faculty of many ant species is only 
rudimentarily developed and there are ant species that are 
completely blind. An important insight of early research on ants’ 
behavior was that most of the communication among individuals 
is based on the use of chemicals produced by the ants. Our goal 
is to define algorithms that can be used to solve minimum cost 
problems on more complicated graphs. The two points between 
which we want to establish a minimum cost path are called 
source and destination nodes, as typically done in the literature 
on minimum cost path problems; sometimes, in analogy to the 
shortest-path–finding behavior of real ants i.e. we will also call 
them nest and food source. If we try to solve the minimum cost path 
problem using artificial ants whose behavior is a straightforward 
extension of the behavior of the ants following problem arises: 
the ants, while building a solution, may generate loops. Loops 
tend to become more and more attractive and ants can get trapped 
in them. The definition of the ACO metaheuristic, as a series of 
generic guidelines that could be very easily adapted to almost all 
types of combinatorial optimization problems. Although in general 
ACO algorithms achieve very good results, there are cases where 
hybridization with other heuristics or met heuristics, proves to be 
necessary. The ants can implement a number of useful behaviors 
that allow them to efficiently build solutions to the minimum cost 
path problem. Those behaviors are:

Probabilistic solution construction biased by pheromone • 
trails, without forward pheromone updating
Deterministic backward path with loop elimination and with • 
pheromone updating
Evaluation of the quality of the solutions generated and use of • 
the solution quality in determining the quantity of pheromone 
to deposit

We show that by taking into account pheromone evaporation, which 
was not necessary to explain real ants’ behavior, performance 
can be greatly improved. As well as pheromone evaporation is 
implemented in an algorithm that we call Simple- ACO (S-ACO 
for short). Although it represents a significant step toward the 
definition of an efficient algorithm for the solution of minimum 
cost problems on graphs. S-ACO should be taken for what it is: 
a didactic tool to explain the basic mechanisms underlying ACO 
algorithms. The principle of ant colony system algorithm is that 
a special chemical trail (pheromone) is left on the ground during 
their trips that guides the other ants towards the target solution. 



IJCST Vol. 5, SPl - 1, Jan - MarCh 2014

w w w . i j c s t . c o m InternatIonal Journal of Computer SCIenCe and teChnology  115

 ISSN : 0976-8491 (Online)  |  ISSN : 2229-4333 (Print)

II. Related Work
In [2], Avi Ostfeld has described the different Ant optimization 
algorithms for Multi-colony Ant algorithm, Continuous Dynamic 
optimization, Ant optimization algorithm for multi objective 
problems, Ant colony optimization in green manufacturing, and 
Ant colony optimization approach for optimizing traffic signal 
timings.
Marco Dorigo and Thomas Stützle [3], shows the behavior of the 
Ant from the Real to Artificial ant. A different solution has been 
explored to the different problems like traveling salesman with Ant 
system and its direct successor. Here Marco and Thomas generate 
the convergence proof, properties of some important subsets of 
ACO algorithms. There they prove that ACO guaranteed to find 
an optimal solution with a probability that can be made arbitrarily 
close to 1 if given enough time. They prove that any arbitrary ant 
of the colony will construct the optimal solution with probability 
1. Once the optimal solution has been found, they can estimate 
an ant’s probability of constructing an optimal solution when 
following the stochastic policy of the algorithm. 
In [4], Marta S.R. Monteiro, Dalila B.M.M. Fontes, Fernando 
A.C.C. Fontes, some improvements were inserted into the AS 
such as the introduction of elitist ants into the colony, the ranking 
of ants and the bounding of the allowed accumulated pheromone 
in each path. The main difference from the basic structure of 
the AS algorithm is the introduction of a Daemon, can perform 
problem specific operations or centralized operations that use 
global knowledge of the solutions. AS no global knowledge is 
used since each ant deposits pheromone in its solution despite what 
the other solutions are like. Daemon can control the feasibility 
of each solution or give an extra pheromone quantity to the best 
solution found from the beginning of the algorithm or to the best 
solution in the current iteration. This is an optional feature that 
has been proved to be very important in the exploitation of the 
search space near to good solutions, leading almost always to 
better performances of the ACO. The heuristic information is 
extra information available to the ant algorithm which is usually 
referred to as a kind of local information. Lessing et al studied 
the influence of the heuristic information also called the visibility 
value. Each of these heuristic information types was tested with 
four different ant algorithms, and the results obtained suggest 
that different types of heuristic information should be used for 
different types of ant algorithms. 
In [3], an overview of selected applications of ACO to different 
NP-hard optimization problems. There focus is on presenting and 
discussing interesting applications that either presents a different 
perspective on how to apply ACO algorithms or for which very 
good results have been obtained. They review applications of 
ACO to a few additional NP-hard problems such as shortest 
common super sequence, bin packing, protein folding, and 
constraint satisfaction—problems that do not easily fit in the 
above-mentioned categories—and to problems typically found 
in machine learning, such as the learning of classification rules 
and of the structure of Bayesian networks.

III. Ant Associations using Ant Quest Algorithm Depend 
on Ant Province Optimization

A. Abilities and Common configuration of Ant Quest 
Algorithm
The key feature of an ant Province optimization direction-finding 

algorithm abide in the successive acquire of direction-finding 
information during path inspect and detection by little organizing 
containers, the ants. The ants are accomplish all together and 
separately through the nodes, it includes the exercise to attempt 
away a path to an authorize destination. Ant moving from source” 
k” to destination “s” accumulate information approximately the 
excellence of the path, and, moreover on the way to s or at the 
same time as recollect its way back from” s” to “k”. Supporting 
the good paths, it uses this information to modernize the direction-
finding tables at intermediate nodes. 
The frequent path case and conclusion supporting of good 
direction-finding choices, is an anatomy of circulated supporting 
research based on stigmergy. The direction-finding table at node a 
is consequent from the so-labeled pheromone table that includes 
for every destination d of interest a vector of real-valued entries, 
one for each node in the reachable neighbor of source. They 
accesses are a regional measure of the integrity of going over the 
neighbor on the way. They are frequently reorganized giving to 
the excellence of the routes examined by the ants. The frequent 
and all at once creation of ants developments in the opportunity, 
at every node, of a bunch of routes, everyone with a predictable 
determine of excellence established on pheromone. 
The examining values have the similar construction as the 
pheromone ones and connect to every pair an examining measure 
of integrity. On the other hand, for fewer executions make use of 
an examining improvement to the pheromone values to gain from 
the collection expectation values. In the case of connectionless 
networks containers are commonly running scared further or fewer 
in the similar path as the ants: containers are routed imaginary. 
This path data for a similar target are flexible increase greater than 
many paths, conclusion ant in load complementary. Where as in 
the connection oriented networks, distribution can be completed 
at the level of natural circuits. 
While ants are more explorative in order that as well as fewer 
excellent routes are infrequently sampled and continue as support 
routes for unexpected bottleneck. If enough ants are sent to the 
dissimilar destinations, nodes can keep up-to-date information 
about the best paths and automatically adapt their data load 
spreading. A number of other ant Province optimization executions 
for dissimilar direction-finding problems have been developed 
since then. Greater part of these subsequent executions has based 
their design on the general features and architecture of either 
Ant Net or ant-based control. In the following we give a special 
attention to these two algorithms that can be considered as the main 
reference templates for ant Province optimization direction-finding 
executions and can help to understand the common architecture 
and uniqueness of most of the other executions. Ant Province 
Direction-finding frame performance is intended to provide 
the basic guidelines for the design of new adaptive protocols 
for direction-finding in modern energetic networks. We are not 
going to thrash out here the Ant Province Direction-finding frame 
performance because of lack of space.
Ant Province Direction-finding explicit the two main mechanisms 
for monitoring and research which are at the core of most of 
the direction-finding algorithms derived from ant Province 
optimization: node-regional monitoring of traffic energetic for 
inductive research of bottleneck and direction-finding information 
and non-regional sampling/probing of full paths by using ant 
promoters that implements a combination of active research and 
Monte Carlo research strategies. 
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B. Essential adaptation Ant Quest Algorithm for 
Connectionless Network
Ant Net was recommended by Di Caro and Dorigo for active 
most excellent attempt direction-finding in wired IP networks 
such as the Internet. Topological changes are not explicitly 
considered, such that route breaks due to connection failures 
are only dealt with implicitly by reacting to the increase of the 
number of data containers waiting in the queue of the broken 
connection. The algorithm is clearly constructed to supply transfer 
adaptive direction-finding. A low network association with router 
smart hosts is unspecified. On the commencement of the actions 
direction-finding tables are loaded with homogeneous identical 
values for all the acquaintance, fundamentally adopting a critical 
access. At regular fixed intervals and con existing with data traffic, 
ant promoters are committed and independently launched from 
each network node towards destination nodes, which are chosen 
following a random proportional selection that favors the regionally 
most requested destinations, or implementing with a very small 
expectation a random uniform selection. 
A ahead ant is a kind of random experiment expected at analyzing 
the network pointed for a lowest amount wait path between ant’s 

source and target nodes and meeting at the nodes in order about 
the end-to-end delay for the pursued path. They communicate in a 
stigmergic way through the information they regionally read from 
and write to the nodes in three data constructions: the pheromone 
table, the parametric statistical model and the data direction-finding 
table to issue direction-finding as shown in the fig. 1. 
The pheromone table is an imaginary matrix which is used by 
the ants as a direction-finding table. This grant to luxury the 
pheromone values as expectations and improved calculates the 
corresponding integrity of each neighbor. A parametric statistical 
model for the traffic and delay situation on the paths to reach the 
dissimilar destinations. It is derived from the pheromone table 
by an exponentiation and renormalization process that assigns to 
the best routes much more advanced selection expectations than 
in the case of the pheromone table. 
AntNet-CO is a small but fairly efficient improvement of AntNet: 
also ahead ants create use of immense priority queues. The ahead 
ants rapidly find to the target, and do not require bringing journey 
times, it is the backward ant that estimates increases the journey 
times while journey backward.

Fig. 1: The Two Central Part Aspects of AntNet (i) the Choice Step of the Ahead Ant, and (ii) The Keep Posted and Shift Step of 
the Backward Ant

AntNet-FA’s strategy on one side permits to calculate source-
destination trip times which are additional up-to-date than those 
used by AntNet’s backward ants and on the other side it grant a 
quicker gathering and spreading of direction-finding data. The 
AntNet’s the composers have calculated their algorithm on the 
base of a comparatively vast number of reproduction research by 
means of a custom network simulator. Algorithm has been tested 
on a variety of dissimilar scenarios based on dissimilar topologies 
with number of nodes ranging from few units to one hundred 
and fifty and considering UDP traffic patterns with dissimilar 
geographical and creation uniqueness.
The primary to apply the ant Province optimization schemes 
to direction-finding and weight complementary problems in 
networks. They measured a telephone network in which the 
association among dispatcher and recipient is clearly recognized 
by maintaining a virtual circuit. Link connections are seen as 
full-duplex channels with unlimited capability. This means that 
the network is expenditure-symmetric: the bottleneck status over 

an end-to-end path is the similar in mutually ways since it only 
depends on the standby association capability at the nodes. 

C. Wired Connectionless Networks for Ant Quest 
Algorithms
The composers consider generic expenditure asymmetric network 
s and provide an analysis of two algorithms: one is based on ant-
based control and the other is a very simple one that makes use 
of on so-labeled uniform ants. Ants create direction-finding table 
bring up to dates in the opposite direction of their movement: 
incoming at node “b” from node “a” in both the algorithms. The 
variation between the two algorithms consists in the reality that 
homogeneous ants surprise in the network with no precise target 
and create next hop collections instinctively, with no awaiting 
on pheromone. 
Main idea behind uniform ants is that simple unbiased exploration 
is a mean to adapt to any change in the network, failures especially. 
The reality that they have no target build them possibly helpful 
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also in ad hoc network s in which node attributes are local known 
in move ahead. Negative aspect of the easy and all-purpose 
mechanism of homogeneous ants subsist in the actuality that its 
effectiveness and performance is estimated to radically reduces 
with the amplify of network size. The main concept at the back 
ant Province optimization is accurately to discover optimized 
paths to appliance base searching and/or transaction with failures, 
rather than relying on blind mechanisms. Cooperative asymmetric 
ahead enlarges ant based control’s approach for step-by-step 
restoring in expenditure asymmetrical networks. Given that the ant 
responsibility for all the nodes next to its way, the approximation of 
the carried expenditure starting to all the nodes the ant has inspected 
so distant can also be restructured and used to restructured step-
by-step the pheromone tables in the path contradictory to the ant 
motion, as in ant-based control. The composers tested Cooperative 
asymmetric ahead under some static and energetic conditions using 
the average number of containers waiting in the queues and the 
average packet delay as performance measures. They correlated 
Cooperative asymmetric ahead to an algorithm extremely related 
to an previous description of AntNet and to Q-direction-finding. 
Ant-based control-backward is build up as a grouping of the 
fundamental ant-based control construction and methods with 
the ahead-backward updating approach of AntNet. 
The composers improved an earlier version of AntNet in which 
the examining term based on the instantaneous status of the data 
connection queues was not included into the selection formula. 
These composers also recommended a few additional examining to 
avoid the same locking problem addressed by Oida and Kataoka, 
but this time considering AntNet-FA. This effort anticipated at 
expanding a new multi-promoter system for multiple-criteria 
weight complementary on a network of processors. The efforts 
of the composers have recovered the imaginary choice policy of 
AntNet with a deterministic greedy policy and did not use the 
examining established on queue lengths. It deterministic version 
of AntNet has been correlated in simulation to OSPF on small 
tree, ring, and star topologies, and by considering FTP traffic using 
TCP Tahoe. This algorithm is derived from AntNet but makes 
use of a hierarchical organization by structuring the network into 
clusters using a centralized K- means algorithm. The algorithm 
maintains inter-clustering and intra-clustering direction-finding 
tables at each node, once the partition process is completed. 
Multiple colonies of ants are used to discover and maintain these 
dissimilar direction-finding tables.

E. Ant Quest Algorithms for Wireless Mobile Ad-Hoc 
Networks
Most of the executions central point on the optimization of 
throughput and end-to- end delays. We evaluation ant Province 
stimulated algorithms for MANETs. Conversely, we will see that 
the bee-stimulated algorithm thrash-outed afterward highlights 
series optimization in addition to throughput and end-to-end 
delays.
These composers were among the first to propose an ant Province 
optimization algorithm for MANETs. The global positioning 
system Ant-like algorithm is a location-based algorithm, assumes 
and exploits the presence of an on-board Global Positioning System 
device. Direction-finding information is exchanged regionally 
among acquaintance and globally by sending ahead ants to distant 
nodes addressed geographically. The Ants are propagated through 
the frequency range-efficient flooding algorithm.
It achieves a similar performance with less direction-finding 
overhead correlated to LAR and another location-based algorithm. 

Ant Province Based Direction-finding Algorithm Imports some 
basic aspects of AntNet into ad hoc on demand distance vector. It 
is a purely effective algorithm in which both ahead and backward 
ants set up the paths to the nodes from which they arrive from. 
Data containers update the pheromone tables reducing the number 
of ants needed to sample existing paths. Ant Province Based 
Direction-finding Algorithm’s performance turns out to be slightly 
better correlated to ad hoc on demand distance vector but worse 
than DSR in highly energetic environments.
The behavior of the algorithm is proportionate to that of ad hoc on 
demand distance vector according to a limited set of simulation 
experiments. The algorithm recommended by the composers 
makes use of geographical partitioning of the node area and 
of pheromone exploiting geographical addressing. Forward/
backward ants are used to periodically check if the path to a 
randomly chosen destination is functional and reflects the existing 
state of the network. 

IV. Bee Association Performances Stimulated by 
Direction-Finding Ant Quest Algorithm 
Bee Association Performances have determined the aim of 
Direction finding Ant Quest algorithms simply additional newly 
than ant Association Performances. Depending on the wired IP 
networks by BeeHive and MANETs by BeeAdHoc algorithms a 
number of algorithms are determined and approaching dissimilar 
network constraints and scenario from these algorithms. The 
aspect of every work can be expressed by the actuality that the 
algorithms have been considered according to the guidelines of 
so-called natural engineering framework. To build and avert the 
construction expectations which comparatively would influence 
earlier algorithm is certainly achieve on a authentic network through 
the natural framework they have been construct maintenance the 
professional constraints of natural networks. 
The BeeHive algorithm is established on a meta Direction 
finding Ant Quest structure related to the ant colony optimization 
direction find ant quest algorithm are backing utilization and data 
are extend over many paths to optimize network achievement 
and accommodate to altering network conditions and paths are 
continually proved out to determine new directions. BeeHive is 
constructed about two categories of promoters, long span bee 
promoters and tiny span bee promoters which are proactively 
achieved at the nodes and are constructed following the technique 
bee foragers act in response to waggle dances. These promoters 
are undertaking the same task evaluating the quality of paths that 
they traverse to update node direction finding ant quest tables and 
exploring the Network. 
Tiny span bee promoters are permitted to carry just able to a 
secured number of hops. Promoter representation is proposed 
to rapidly accumulate direction finding ant quest information 
whereas reducing together altering and bandwidth transparency. 
The BeeHive maintains a hierarchic association of the network that 
matches the make use of two dissimilar categories of promoters 
with distinctive research areas. The network is divided in to: 
foraging province and foraging zones. The foraging zone is defined 
as the set of nodes approximately a specified node starting which 
tiny span bee promoters can reach the node. The node with the 
minimum IP address for whole foraging region called ideal node. 
All nodes keep direction finding ant quest information for every 
node inside its foraging zone and for ideal nodes of the foraging 
province. If the target packet does not distortion inside the foraging 
zone of a node, then it is dispatched next to a path dominant to the 
ideal node of the foraging region encompasses the target node.
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Beehive has been evaluated in allowing for a testing framework 
designed to provide a strong valuation of general SI-recognized 
Direction finding Ant Quest algorithms over a huge set of 
functioning scenarios. The framework considers a number of 
supplementary parameters that provide expensive insight into 
the behavior vs. cost benefits of the direction finding ant quest 
algorithm. The development displays that BeeHive be able to not 
only considerably help in decreasing the download time of a file but 
also provide a improved Quality of service to VoIP sessions. 
The composer of these works have been the first to widely evaluate 
dissimilar categories of security intimidation that hateful nodes 
can start on by manipulate the uniqueness of promoters or their 
Direction finding Ant Quest information in networks controlled by 
SI-recognized algorithms. They used a digital signature recognized 
security structure Beehive Guard, to secure uniqueness of a bee 
promoter and of its direction finding ant quest information.
In BeeHive data packets are extend stochastically more than 
the obtainable several paths giving to their expected excellence. 
While this method of happening has a number of obvious aids, 
conversely, in a number of conditions requiring exact and expected 
behavior. Beehive Plus defeat these possible problems by using 
the idea of waterfall direction finding, in which only those cronies 
are measured to be chosen as a next hop that are closer, in terms 
of jumps from the target as correlated to the obtainable node. The 
heart method in BeeHive-Quality of service is an smart hierarchic 
packet scheduler, which can be rooted in Beehive Plus as well as 
in other systems and which commit yielding assurance to Quality 
of service responsive applications. The framework applies related 
concepts of a prior mathematics and queuing theory. The structure 
also uses Markov conversation matrices and probabilistic looping 
functions that considerable augment the proper accepting about 
dissimilar plan options accepted in BeeHive. 

A. Wireless Mobile Ad-Hoc Networks by Bee Ad-Hoc 
Algorithm
Bee Ad Hoc with the aspire of describing a MANET direction 
finding ant quest algorithm which is equal time energy well-
organized and contribute behavior similar to those of accessible 
advanced algorithms. The Honey Bee performance supplies as the 
central motivation to plan the dissimilar categories of promoters 
at work in the organization and their communication. The Bee Ad 
Hoc is a comparatively easy algorithm consisting at the network 
layer that composes use of a active plan for promoter initiation 
and of source direction finding to ahead packets. Their major duty 
is to discover a forager for the data packet at hand. The duties of 
detectives are to find out novel paths from their initiation node 
to their target node. Time to Live (TTL) is set to a tiny value and 
transmit at the begin of the path inquiry, a detective promoter 
is generated. A convinced quantity of time the detective is not 
back with a path, the approach exists in the production of a new 
detective and appointment of a TTL superior than in the preceding 
effort the hunt range of the developed detectives is additional 
expanded, rising the probability of touching the searched target. 
In BeeAdHoc each MANET node contains at the network layer 
a software module called hive, which consists three parts: the 
packing floor, the entrance floor, and the dance floor. As shown 
in the fig. 2 describes the structure of the hive.
The entrance floor is an boundary to the lower MAC layer, while 
the packing floor is an boundary to the higher transport layer. 
Dance floor includes the foragers and the direction finding ant 
quest information to path nearby achieves data packets. The 
packing floor is boundary to the higher transport layer. Data packet 

reaches the destination commencing the transport layer; a identical 
forager for it is reviewed boost on the dance floor.

Fig. 2: Structure of Hive

The Behavior at the dance floor relay upon the category of packet 
that entered the floor from the MAC layer. If the packet is a 
detective promoter, it is transmit to the crony nodes if its TTL 
controller has not pass away yet or if the present node is not 
its target. The dance floor is the heart of the swam because it 
continuing the direction finding ant quest information in the 
form of foragers. It is colonized with direction finding ant quest 
information by resources of a mechanism similar of the waggle 
dance staffing in natural bee swam once a forager come again 
following its journey it recruits new foragers by dancing according 
to the quality of the path it traversed. 
Bee AdHoc has been achieved and assessment together in 
reproduction and in actual network. Using a probabilistic work 
counter to authenticate the appropriate model, the composers have 
exposed that the appropriate model is able to calculate the circulation 
of the foragers on several routes as a utility of their excellence. 
This work can play a vital role in developing a comprehensive 
formal model checking framework for SI established direction 
finding ant quest algorithms in general.

V. Ant Quest Algorithm for Flexible Research Alleyway 
creation with Ant Colony Optimization
With the production of the procedure of Internet technologies, 
various Trainee-basic e-ability gateways have been started. The 
idea of “Research on Demand” is defined by the process of 
using technology to enable and encourage workers, managers, 
and executives to learn and acquire new skills while resolving 
organization’s problems, to provide for requires implementation 
matures. We suggest Effective Research Direction Instructor, a set 
of course sequencing algorithms that combine both authoritative 
navigation rules and inductive methods. An advanced e-ability 
gateway should offer such resilience for the Trainees position on 
their ability goals. An Ant Colony Development methods have 
been developed for efficient research direction instructor. Nature-
categorize promoters are in different structures similar to Ant 
Colony Development, Particle Swarm Development, wasp task 
differentiations, and so on. The ability of direction find ant quest 
algorithm process initiates beginning deal with a novel route. 
Effective research direction instructor would not create the advice 
an authoritarian instructions and in its place permit the Trainee 
to discover an another route at her own will. Routes they have 
in use and their behavior are evaluated by the nature-categorize 
promoter’s technique to make a route for the new Trainee. In its 
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place it is managed as a “essential Trainee’s” selection of a route 
that brings confident weight in the calculation. To make easy 
ability on the requirement in the circumstance of an e-ability 
gateway, thoughts in our mind is the usual Intelligent Tutoring 
System’s regulation-position route arrangement methods, set 
of course development methods wherever an ability route. The 
learning guide get better upon that by adding up more metadata 
categories to allow substitute route choice to matching Trainees 
with different ability styles. 
Authoritative rules are typically designed position on commonsense 
or expert notions of how a ability route should be chosen, which 
are not always valid and could be relatively rigid. Brookfield 
suggests an alternative approach, “successful self-directed 
Trainees place their ability within a social setting in which the 
advice, information, and skill modeling provided by other Trainees 
are crucial conditions for successful ability. Our proposed effective 
research direction instructor algorithm is one of the earliest 
applications of the nature-categorize promoters techniques in 
course sequencing that make use of past Trainees’ performances 
as the basis for route recommendations. In the usual phenomenon 
of “Ant Colony Development”, ants build networks of routes that 
join their nests with accessible food resources. 
“Conventional” ability route planning can be viewed as finding a 
route in a course network that leads to one or more ability goal(s), 
which is analogous to the destination node in network routing. 
The ant colony development metaphor has offered a plausible 
and perhaps powerful solution the pheromones, as our research 
objective is to derive a stochastic method that involves the alumni’s 
selection of routes and actual performances. With this involvement 
in mind, efficient research direction instructor requires alumni 
that are comparable to the current Trainee to occupying the route 
network so that the proposal could modify to individual Trainees’ 
requires or preferences. 
Our system only recommends the next node after a Trainee has 
finished functioning on the current node, albeit disclosing the 
complete recommended route in one shot is also fine. The effective 
research direction instructor algorithm may then be triggered, 
depending on the number of the alumni and the effective research 
direction instructor training size that the course administrator 
has preset. Since the Trainees are given the resilience to choose 
whatever next node they want to move to upon the completion 
of the current node, some “adjacent” pairs of nodes a Trainee 
has visited may not have “authoritative relationship”. On the 
contrary, conventional routing tables usually store the full route 
between each source-destination pair of nodes. The process keep 
on awaiting the complete alumni log has been understand writing 
in and processed. Conversely, given that the primary node an 
alumnus visited has no “preceding node”, the system will generate 
a “duplicate source node” as the preliminary point of all the alumni. 
We have developed a software prototype of the effective research 
direction instructor System. The simulated web-ability gateway 
contains a Microsoft Access database that stores test data sets. 
The simulator consists of an inference engine, a controller, an 
inference engine, a database and an e-ability Gateway simulator. 
The e-ability gateway simulator was designed with the purpose 
of simulating the integration between the e-ability system and the 
effective research direction instructor. The test data consists of the 
course structure and alumni’s performance records. 

VI. Experimental Results
The simulation is carrying out in three dissimilar scenarios. 

The associations of the three direction-finding protocols are • 

evaluated in different numbers of nodes .The number of nodes 
is set to 10,20,30,40,50,60,70 nodes. 
The direction-finding protocols are evaluated in dissimilar • 
pause time while the number of nodes and the node speed 
are fixed. 
The direction-finding protocols are calculated in dissimilar • 
node speed. The number of nodes is fixed to 9 nodes. 

As we performed the ant quest algorithm for the wired 
connectionless and we have use the AODV, DSDV and 1-DSDV 
to find out distance calculation. As the result is tabulated in the 
table1 at the different pause times for the different networks. As 
our assumption is done at the two different networks, one network 
with the nine nodes and another network with the twenty nodes 
with the different pause times like 0, 200, and 400. 

A. Various Numbers of Nodes
All the three direction-finding protocols are calculated based on the 
three presentations measured on packet Delivery Fraction, End-
to-End Delay and the Direction-finding Overhead. The simulation 
environments for this scenario are:

Various numbers of nodes which are 10,20,30,40,50,60,70 • 
nodes
Packet size is set to 1400 Bytes• 
Area size is set to 1000 x 1000 flat area• 
Node speed is fixed to 20 m/s• 
Random way point flexibility mode is used• 

1. Packet Delivery Fraction at various nodes
AODV carry out improved when the number of nodes are amplified 
because nodes become more inactive will direct to further steady 
path from source to destination DSDV carry out go down as 
number of nodes amplified because additional packets go down 
due to link breaks. I-DSDV is better than DSDV especially when 
the number of nodes is between 40 and 70. I-DSDV improved 
the PDF since it find new route to destination when link breaks 
existed. Performance Comparison of AODV, DSDV and I-DSDV 
Direction-finding Protocols in Mobile Ad Hoc Networks as shown 
in the fig. 3.



IJCST Vol. 5, SPl - 1, Jan - MarCh 2014  ISSN : 0976-8491 (Online)  |  ISSN : 2229-4333 (Print)

w w w . i j c s t . c o m 120   InternatIonal Journal of Computer SCIenCe and teChnology

Table 1: Experimental Results on the Various Set of Results

Node
Pause Path

shadow
AODV DSDV 1-DSDV
Delay Jitter PDR Delay Jitter PDR Delay Jitter PDR

Time  loss (sec) (sec)  % (sec) (sec)  % (sec) (sec)  %

9

0 Free None 0.11 0.04 93 0.11 0.02 97 0.17 0.49 100
0 Free Constant 0.03 0.12 89 0.05 0.07 98 0.1 0.58 72
0 Free None 0.04 0.21 85 0.02 0.05 98 0.17 0.76 87
0 Free Constant 0.09 0.32 84 0.06 0.1 98 0.05 0.8 61
0 One None 0.1 0.47 81 0.09 0.27 92 0.03 7.16 40
0 One Constant 0.14 0.54 75 0.1 0.17 95 0.06 9.5 51
200 One None 1.08 2.03 93 0.01 0.11 97 0.16 0.52 98
200 Free Constant 2.48 0.1 89 0.05 0.07 98 0.07 1.1 69
200 Free None 3.47 0.22 86 0.02 0.05 98 0.17 0.88 78
200 Free Constant 3.95 0.13 91 0.06 0.1 98 0.04 2.66 57
200 One None 0.17 0.55 82 0.09 0.27 92 0.03 4.91 42
200 One Constant 0.13 0.57 73 0.1 0.17 95 0.04 5.83 48
400 Free Constant 1.08 2 93 0.11 0.11 97 0.17 0.51 97
400 Free Constant 2.56 0.1 89 0.05 0.07 98 0.07 1.08 69
400 Free Constant 3.51 0.22 86 0.03 0.05 98 0.17 0.88 77
400 Free Constant 3.91 0.12 92 0.06 0.1 98 0.04 2.76 57
400 One None 0.17 0.53 81 0.09 0.27 92 0.03 4.83 42
400 One Constant 0.13 0.58 73 0.1 0.17 95 0.04 5.67 48
400 One None 0.02 0.05 91 0.11 0.12 97 0.72 0.9 97
400 One Constant 0.03 0.13 88 0.04 0.06 97 0.47 1.88 71

20

0 Free None 0.04 0.24 86 0.03 0.06 98 0.7 1.3 80
0 Free Constant 0.05 0.17 90 0.08 0.11 97 0.09 1.45 53
0 Free None 0.09 0.43 81 0.2 0.36 91 0.03 8.75 45
0 Free Constant 0.24 0.75 72 0.09 0.14 97 0.07 2.5 41
0 One Constant 0.02 0.05 93 0.11 0.11 97 0.69 1 94
0 One Constant 0.03 0.1 90 0.04 0.06 98 0.45 1.5 69
0 One Constant 0.03 0.2 87 0.03 0.06 97 0.95 1.48 71
200 Free None 0.09 0.25 88 0.08 0.13 97 0.06 0.85 55
200 Free Constant 0.13 0.5 78 0.12 0.27 94 0.03 0.02 40
200 One None 0.39 1.8 63 0.14 0.23 96 0.08 8.85 52
200 One Constant 0.02 0.07 90 0.11 0.11 98 0.95 1.4 71
200 One None 0.03 0.12 89 0.04 0.06 97 0.45 1.5 69
200 Free None 0.07 0.23 86 0.03 0.06 97 0.45 1 94
200 Free Constant 0.1 0.19 89 0.08 0.13 94 0.7 0.8 55
400 Free Constant 0.17 0.54 80 0.12 0.27 96 0.05 0.05 40
400 Free None 0.16 0.89 72 0.14 0.23 97 0.05 8.8 52
400 One None 0.02 0.05 91 0.11 0.12 97 0.72 0.9 97
400 One Constant 0.02 0.07 90 0.11 0.11 98 0.95 1.4 71
400 One Constant 0.02 0.07 90 0.11 0.11 98 0.95 1.4 71
400 One None 0.02 0.05 91 0.11 0.12 97 0.72 0.9 97
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Fig. 3: Packet Delivery Fraction at the Various no. of Nodes

2. End-to-End Delay at various nodes
AODV didn’t generate so much delay even the number of nodes 
are raised. The presentation of I-DSDV is minute improved than 
DSDV particularly when the numbers of nodes between 30 and 
60 as shown in the fig. 4.

Fig.4. End-to-End delay at the various no. of nodes

3. Direction-finding overhead at various nodes
A smaller amount dispute to direction steadiness compared 
to AODV. The direction-finding upward is not as affected as 
produced in DSDV for AODV. I-DSDV procuresses less direction-
finding upward evaluated to DSDV,I-DSDV didn’t achieved by 
the number nodes.’

Fig. 5: Direction Overhead at the Various no. of Nodes

B. Various Pause Time
All the three direction-finding protocols are calculated support 
on the three presentation measured which are Packet Delivery 
fraction, End-to-End delay and the Direction-finding upward. 
The simulation environments for this scenario are:

Various pause time which are 0,100,200,300,400,500,600,700 • 
and 800
Simulation time =400 seconds• 
Number of nodes is fixed to 9 nodes• 

CBR Packet size is set to 1400 bytes• 
Area size is set to 1000x1000 flat area• 
Node speed is fixed to 20 m/s• 
Random way point flexibility model is used• 

1. Packet Delivery Fraction at Various Pause Times
It distributes more than 85% data packet in spite of to flexibility 
rate. For DSDV, It achieved weakly as the pause time reduced 
which drop to less than 70% when pause time is 0. 

Fig. 6: Packet Delivery Fraction at the Various Pause Times

B. End-to-End Delay at Various Pause Times
I-DSDV displays extensive average end-to-end delay all the 
time in spite of nodes flexibility rate evaluated to the other two 
protocols. I-DSDV exercises a message switch over system to 
presentation evaluation of AODV, DSDV and I-DSDV Direction-
finding protocols in Mobile Ad Hoc Networks. So it needs longer 
end-to-end delay time evaluated to others. AODV exhibits shortest 
end-to-end delay of data packet compare to others.

Fig. 7: End-to-End Delay at the Various Pause Times

1. Direction-finding Overhead at Various Nodes
It requires additional direction-finding packets than DSDV all 
the time, and the dissimilarity be converted into slighter as pause 
time is boosted. The steady performance of DSDV take place as 
it is a huge periodic direction-finding protocol where routes are 
mainly established and reconstructed in periodic bring up to date. 
I-DSDV decrease the occurrence of direction-finding update and 
number of packets produced due to new direction concern when 
link breaks.
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Fig. 8: Direction-Finding Overhead at the Various Pause Times

C. Various Node Speeds
All the three direction-finding protocol are evaluated based on 
the three performances metric which are packet delivery fraction, 
End –to-End delay and the direction-finding overhead. Various 
simulations elements are:

Various node speed which are 10,20,40,60 and 80 m/s• 
Simulation time =400 seconds• 
Transmission range =250m• 
Number of nodes is fixed to 9 nodes• 
CBR Packet size is set to 1400 bytes• 
Area size is set to 1000x1000 flat area• 
Random way point flexibility model is used• 

1. Packet Delivery Fraction at Various Node Speeds
It is exposed that the speed of the node has fewer impact on AODV 
protocol. I-DSDV creates additional packets as it get well from 
go down packet due to link breakage in a advanced node speed. 
DSDV carry out fewer numbers of packets transport compared 
to the other two protocols.

Fig. 9: Packet Delivery Fraction at the Various Pause Times

2. End-to-End Delay at Various Node Speeds
AODV creates less End to End Delay, but the presentation 
of I-DSDV is somewhat enhanced than DSDV performance 
comparison of AODV, DSDV and I-DSDV Direction-finding 
protocols in Mobile Ad Hoc Networks as shown in the fig.10.

3. Direction-finding Overhead at Various Node Speeds
The presentation of AODV is far superior evaluated to the other 
two. The standard DSDV and I-DSDV is almost close to each 
other for changeable number of speed.

Fig. 10: End-to-End Delay at the Various Node Speeds

Fig. 11: Direction-Finding Overhead at the Various Node 
Speeds

But I-DSDV is trivially improved the standard DSDV when the 
numbers is elevated as shown in the fig. 11.

VII. Conclusion
Our survey describes the flexible optimization, Ant Colony 
Optimization, by the Ant Quest Algorithm. Heuristic methods, do 
not guarantee to determine a global optimal solution for a problem 
but are usually able to and a good solution rapidly, perhaps a local 
optimum, and require less computational resources. It does not 
guarantee to determine a global optimal solution for a problem 
but are usually able to find a good solution rapidly, perhaps a 
local optimum, and require less computational resources. As we 
use the bee association for the finding the direction simulation 
for the Ant Quest Algorithm. Scientific literature is prolific both 
on exact and on heuristic solution methods developed to solve 
optimization problems. Ant Province optimization direction-
finding algorithm abide in the successive acquire of direction-
finding information during path inspect and detection by little 
organizing containers, the ants. As our research survey says that the 
Ant colony optimization shows the behavior of the optimization 
and the finding of the artificial ant and minimal cost path. As we 
calculated experimental results at the factors like various no. of 
nodes, various pass time and at the various node speeds. As the 
result is tabulated in the table1 at the different pause times for the 
different networks. As our assumption is done at the two different 
networks, one network with the nine nodes and another network 
with the twenty nodes with the different pause times like 0, 200, 
and 400. For the different pause times we has recorded that whether 
the shadow is maintain or not and the path is loss or not. As we 
performed the ant quest algorithm for the wired connectionless and 
we have use the AODV, DSDV and 1-DSDV to find out distance 
calculation and the measure like Delay, jitter and PDR.
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